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Abstract:

In this paper, we propose a real world application which is an automated foreign

exchange trading system using Differential Evolution(DE). There are many studies which have

focused on trading system. In recent years, such studies have attracted attention because system

can catch movement of market price accurately and quickly. DE is a simple yet powerful evolu-

tionary algorithm for global numerical optimization. To verify the effectiveness of the method, we

performed simulations using real historical trading data. DE was found to be superior compared

to other previous methods in terms of precision and reliability.
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Fig. 1: DE
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4.2.2 Bolllinger Band (BB)
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Fig. 5: Gene
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5 Experiment
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Table 1: OOOOODOO

Parameter Value
Common

Population 100
Generation 100
Initial Weight 66
DE

Scale Factor (F) 0.9
Crossover probability (Cr) | 0.9
GA

Tournament Size 20
Elite Size 5
Mutation Ratio 30%

Table 2. OOOOODO

Parameter Value
Initial Asset 1000
Spread 0.2
Max Position | 5

Learning 3 months Simulation
1 month

Fig. 6: OO0 D0DO0OOOOODOOO



5.1 Result
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Table 3: OO OOO0DOOOODO

Score Type DE GA

Final Asset 1277.2 £+ 274.4 | 880.8 £ 231.8
Draw Down (%) 4.1+ 26 26.5 £ 8.8
Profit Factor(%) | 123 + 22.7 94.2 £+ 15.5
Win Rate(%) 51.4 £ 9.8 40 £ 5.1
Hold Span(10min) | 155.7 + 11.7 193.9 + 8.4
Trade (times) 328.7 £ 71.7 426.2 + 44.2
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Table 4: OO0OOO0DOOOOOO

Score Type DE GA

Final Asset 1003.2 £ 54.7 | 992.5 £ 29.5
Draw Down (%) 4.3+ 4.0 6.1 £ 2.0
Win Rate(%) 371+ 14 31+£74
Hold Span(10min) | 173 + 59 206.5 + 43.6
Trade (times) 20.5 + 13.8 26.6 + 8.3
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