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Abstract: In recent years, textual information, which is unstructured data attracts attention as

new analytical data in the financial and economic fields and it is expected to structure knowledge

on this domain. One such knowledge is a sentiment polarity dictionary in which each word is

representing positive or negative. In building the dictionary, it is costly to add the polarity value

to a vast number of words manually. Therefore, in this research, we propose a the dictionary

construction model especially considering the synonymity and symmetry of words. As a result of

the experiment, the proposed method is a more accurate than the model of the previous research.

In addition, we extended the conventional dictionary using the proposed method, and we showed

that the extended dictionary has higher accuracy than the dictionary which is not extended.
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